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Abstract  Along with the striding of the Chinese medicine ( CM) manufacturing toward the Industry 4.0 some digital factories
have accumulated lightweight industrial big data which become part of the enterprise assets. These digital assets possess the possibility
of solving the problems within the CM production system like the Sigma gap and the poverty of manufacturing knowledge. From the ho—
listic perspective a three-tiered architecture of CM industrial big data is put forward and it consists of the data integration layer the
data analysis layer and the application scenarios layer. In data integration layer sensing of CM critical quality attributes is the key
technology for big data collection. In data analysis and mining layer the self-developed iTCM algorithm library and model library are
introduced to facilitate the implementation of the model lifecycle methodologies including process model development model valida—
tion model configuration and model maintenance. The CM quality transfer structure is closely related with the connection mode of mul-
tiple production units. The system modeling technologies such as the partition-integration modeling method the expanding modeling
method and path modeling method are key to mapping the structure of real manufacturing system. It is pointed out that advance model—
ing approaches that combine the first-principles driven and data driven technologies are promising in the future. At last real-world
applications of CM industrial big data in manufacturing of injections oral solid dosages and formula particles are presented. It is
shown that the industrial big data can help process diagnosis quality forming mechanism interpretations real time release testing
method development and intelligent product formulation design. As renewable resources the CM industrial big data enable the
manufacturing knowledge accumulation and product quality improvement laying the foundation of intelligent manufacturing.

Key words  Chinese medicine; intelligent manufacturing; industrial big data; architecture design; quality transfer structure; sys—
tem modeling; sensor
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